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// start with an initial time

t: =0;

// initialize a usually random population of individuals initpopulation p
OF '

// evaluate fitness of all initial individuals of population evaluate p(t);

// test for termination criterion(time, fitness, etc) while not done do

// perturb the whole population stochastically

p'(t): = mutute p(t);

// evaluate it's new fitness

evaluate P'(1);

// stochasticalluy select the survivors from actual fimess p(t+ 1) = sur-
vive p(t),p’(t)

// increase the time counter

te=t+1;

End.
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// start with an initial time

t: =0;

//an initially empty message list init message list ML(t)

// randomly generate popuation of classifiers init Classifier Populations
p(1);

// test for cycle termination criterion (time, fitnesss etc) .

while not done do

// increase the time counter

t:=t+1;

// 1. detectors check whether input message are present.

ML: = read detectors(t);

//2 . compare ML to the classifiers and save matches

ML’ : = match classifiers ML, p(t) ;

//3 . highest bidding classifier(s) collected in/



// ML’ wins the “race” and post the(ir) message(s)

ML’ ; = select matching classifiers ML’ , p(t) ;

/4. tax bidding classifiers, reduce their strength

ML’ : = taxposting classifiers ML’ , p(1);

//5. Effectors check new Message list for output Msgs

ML: = send Effectors ML’ (1) ;

// 6. receive payoff from environment( Reinforcement) c: = receivepay-
off(1) 3

//7. distribute payoff/credit to classifiers

p’ : = distribute Credit ¢,p(t);

// 8. Eventually (depending out),an EA (usually a GA)is applied to
the classifier population if criterion then

p: = generate new Rules p’ (1) ;

else

p:=p’

End.
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Procedure mod GA

Begin

t<0

initialize p(t),

evaluate p(t),



while(not termination — condition) do

begin

tt+1

select — parents from p(t-1),

select ~ dead from p(t—1),

from p(t) :reproduce the parents

evaluate p(t)

end
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Procedure CM ~ GA Begin

t=0;

initialize p(t)

evaluate p(t)

while (not termination - Condition) do begin contractive mapping f(p
(O—>p(t+1)] '

t=t+1

select p(1) from p(t~1)

recombine p(t)

evaluate p(t)

if Eval(p(t~1)]) = Evalp(t)]

thent=1t-1;

end
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a PS(Genetic Algorithm with varying Population Size) o
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begin
t=0
initialize p(t)
evaluate P(t)
while (not termination — condition) do
begin
t=t+1
increase the age of each individual by 1
recombine p( i)
evaluate p(t)
remove from p(t) all individuals with age
great than lifetime
end
Uoooiodd mod GA.
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