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ABSTRACT

The essence of Intelligent Computing is based on the natural
language understanding. Therefore , the intelligence of computer needs
to be emulated as human intelligence , and only then can it possess the
ability of computing in the field of artificial intelligence ( Al). The
original meaning of computing is processing and operating numbers,
while the research object of language computing is word strings and
sentences based on the rule and logic method. With the rapid
development of Al,the computability of discourse meaning has become
the center of computational process, which has been applied to many
fields, such as machine translation, text summarization, automatic
session and machine reading comprehension. Meanwhile, it could
provide more valuable information for lexicons, phrases and sentences.

The ultimate goal of discourse meaning computing is the automatic
processing of large — scale natural language discourse, thus the core
mission of discourse computing is to solve the problem of meaning. The
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significance of this study lies mainly on a feasible method and systemic
interpretation of computability for the meaning computing from discourse
level. On the one hand,given the surface level of language , we focus on
the transformation from linear text sequences to the structured semantic
relations recognized by computer. On the other hand,the computing of
discourse intention is realized by the constraints of literal meaning of
context. Meanwhile the recognition of discourse relation is the premise
of the intention — understanding, both of which comprise computability
of discourse meaning.

To investigate the first question,we integrate the recognition frame
of implicit and explicit relations , which has been conducted by patterns
as explicit connectives, lexical markers and semantic frame relations,
according lo its priority. In this way,we try to approach the results of
semantic relations recognition more accurately.

To answer the second question, we summarize the framework of
computation — oriented discourse intention from cognitive perspective.
We also design the model of intention computability, in order to realize
natural language understanding ( NLU) based on context. This model is
regarded as a theoretical and feasible plan at this stage for NLU system.
We still have a way to go before reaching algorithmization, and we do
not try to cover all the computational process of intention inference.
Specifically ,if the target word has been identified, the computer could
compute the specific meaning of the target word or the intention
meaning of the sentence that includes the target word, based on the
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context — constrain.

The computation of discourse meaning is a complicated language
engineering like syntactic and semantic analysis, which needs the joint
efforts of linguistic study, computer science and other relevant subjects

to improve gradually.

Keywords: discourse meaning, computability, coherent relation,

semantic recognition ,intention computing
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