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Lets fool a binary linear classifier:
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=> probability of class 1 is 1/(1+e(-(-3))) = 0.0474 T s 1 1
15+1.5+3.5¢2.5¢42.6-1.5+1.53.54.5+1.5=2 et i
=> probability of class 1 is now 1/(1+e*(-(2))) = 0.88

i.e. we improved the class 1 probability from 5% to 88%
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Sample increase VS signature efficiency decrease
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Number of Malicious Android Apps Dowgin: A Rich Variants Android Adware Family
New Dowgin Samples VS Average Dowgin Samples Hit Per Signature

Maliclous apps, Dowgin samples and Dowglin signatures are counted from our database.
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