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import tensorflow as tf

#Creating TensorFlow object

hello_constant = tf.constant ('Hello World!', name = 'hello_constant')
#Creating a session object for execution of the computational graph
with tf.Session() as sess:

MESRAAR IR E M at, AU T B0 Bim) 2 B A



VI

tf.subtract (1, 2,name=None) # -1
tf.multiply (2, 5,name=None) # 10
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import numpy as np
import math
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class Neuron(object) :
def  init _ {self):
self.weights = np.array([1.0, 2.0])
self.bias = 0.0
def forward(self, inputs):
mwn Assuming that inputs and weights are 1-D numpy arrays and the
bias is a number """
a_cell_sum = np.sum(inputs * self.weights) + self.bias
result = 1.0 / (1.0 + math.exp(-a_cell_sum)) # This is the sigmoid
activation function
return result
neuron = Neuron ()
output = neuron.forward(np.array([1,1]))
print (output)

1.2 TensorFlow 143

TensorFlow f&3& TR F LK . B% T mpHEREK .

c=(a+b),d=b+5

e=c*d
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. LABREENL . EMA Python KSR REZIEKE

o fHHBIIAEE (HEFIFAEIULMN) .
o ffi[f] Docker 5514 .

1. 514 macOS X/Linux A~IA

TR A B T AIE—1 Python EIIIFEE, FHAEIXIAEE %% TensorFlow, &
TR Z AT, 52543 Anaconda:

#Creates a virtual environment named "tensorflow_env" assuming that python
3.7 version is already installed.

conda create -n tensorflow_env python=3.7

#Activate points to the environment named "tensorflow"

source activate tensorflow_env

conda install pandas matplotlib jupyter notebook scipy scikit-learn
#installs latest tensorflow version into environment tensorflow_env

pip3 install tensorflow

15 7E TensorFlow ‘B J5 UL [l £ & 5T WA .

ZHRTEVR ) Python #5512 47 LA F AR R 53 HIF TensorFlow %2 %6 &5 BTN . N
BB, #HlEROZITENH “ Hello World! ™ .

import tensorflow as tf
#Creating TensorFlow object
hello_constant = tf.constant('Hello World!', name = 'hello_constant')
#Creating a session object for execution of the computational graph
with tf.Session() as sess:

#Implementing the tf.constant operation in the session

output = sess.run(hello_constant)

print (output)

2. TensorFlow &)

£ TensorFlow H', R AZLIBEAY | 77 oA FAF o sl fth 5 o B8 28 B A7 A
f, TR P — AR R K B BE S5 R R X SO . B B R R A A
YR . sk B R EEFR M B . ERT AT, hello_constant & —~ 0 B (% &
Fr ok E , —SEEKENGFIT
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is an int32 tensor with rank = 0

tf.constant (123)

is an int32 tensor with dimension of 1 ( rank = 1)
tf.constant ([123,456,789])

is an int32 2- dimensional tensor

tf.constant ([ [123,456,789], [222,333,444] 1)

O ##= W #= P #*
o nwn

TensorFlow & fF BURZ LR THR B o TH5 B2 i LAF P 4 s i A 1) ] -

o QIEEIFHA,
o EfTHHHA.

HRRELSERRIT. SEEITRERZTRIREE, ER30E CPU, GPU JF
B TensorFlow i fTHPIRZS ., T f9/CHL i F tf.Session B E:—1~44 N sess LS iE 5L
], SRIFIEAT sess.run() BREGH TR AYIZ 5, IR IR 145 RAFAETE output AF &,
RAFTENH “ Hello World!”

with tf.Session() as sess:
# Run the tf.constant operation in the session
output = sess.run(hello_constant)
print (output)

a] LL{#i F TensorBoard ] #i AL & . TensorBoard 2 U1F -

tensorboard --logdir=path/to/log-directory

WFRER, iERATeIE — B R mE AR . HeeE— AR R x, RIES;
RIQIE—HHEE y, WER xS, TEH y #1E:

constant_x = tf.constant (5, name='constant_x')
variable_y = tf.Variable(x + 5, name='variable_y"')
print (variable_y)

AR, BABRALE Python XS AR EEKE x+5 B9 45 5 B 2 W 45 75 & variable
y, MEER T — N, XEWRESITEZ Ry, B x ERAERSHERE
Jn k5. variable_y {8 #9355 78 6 A ARS T AR SEPRsiA T . b 193X Be AU S B
)8 T ) TensorFlow & JF 1A QIR 4y . BT X BARES S, IRF45 326



6 SLHABTRHZNE. A Python TMSRREF IEE

F <tensorflow.python.ops.variables. Variable object at 0x7f074bfd9ef0> [ N %, 1M A
J2 variable_y SCFR1E 10, A T MR ANRLE, AT HH R K ARy, Ik
B

#initialize all variables

init = tf.global_variables_initializer()
# All variables are now initialized
with tf.Session() as sess:

sess.run(init)
print (sess.run(variable_y))

X AT SRR BB R R, kRN, vk, 3. BR.
3. TensorFlow i) B I hill

tf.add() PRECHR 2 BT, 2 N5KED, B0 1 ANECER L D akE, SRR RIsKERIE X
AR [E AT A

Addition
x = tf.add(1, 2, name=None) # 3

Uk e B T

tf.subtract (1, 2,name=None) # -1
tf.multiply (2, 5,name=None) # 10

X
¥

o

U SR AB FH A W R % B A AL FEYB? U {e] 4] TensorFlow $ fit i A BHE 47 M itt,
TensorFlow #&fk T—/~ API——tf.placeholder(), JfizH feed dict ZEHY,

placeholder J&J5 £ 457 tf.session.run() FRECH K T YA &, JETk, KATATL
TERT A BAE i oL T O R AT B E AT, )5, FE tf.session.run() BRI
fdi ] feed dict 40 {H 1% & placeholder K i, i idiX 4 5 FF (placeholder) 445
WMAETREES S, WFRE, ESEBITZAT, BFERH “ Hello World” BB 455K
Hx:
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x = tf.placeholder (tf.string)

with tf.Session() as sess:
output = sess.run(x, feed_dict={x: 'Hello World'})

WAl LAfEH feed dict ZEHBEZA0KE, W FHR:

x = tf.placeholder(tf.string)
y = tf.placeholder (tf.int32, None)
z = tf.placeholder (tf.float32, None)

with tf.Session() as sess:

output = sess.run(x, feed_dict={x: 'Welcome to CNN', y: 123, z:
123.45})

o LT AT DAAE Z 4R O T AFRE RO, 2 WA Rl

import tensorflow as tf

X
¥

tf.placeholder ("float", [None, 3])
%53

with tf.Session() as session:
input_data = [[1, 2, 3],
[4, 5, 6],]
result = session.run(y, feed_dict={x: input_data})
print (result)

9 YtE# s feed dict% ZHMBEEKELA AL RKF AL BRF ERIKEX
A b, #4442 “ValueError: invalid literal for...” .

tf.truncated_normal() PREGR Bl — N BA ES S MBEVIEA K E . R EEHT
W Z8 AL T R A -

n_features = 5
n_labels = 2
weights = tf.truncated_normal ((n_features, n_labels))
with tf.Session() as sess:
print (sess.run(weights))

4. TensorFlow (1) softmax FR%L

softmax PR FUK Hif A (B K A logit B¢ # logit score) ¥4k 0 B 1 2 [6] ) {H,



