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(2) BT A A B 5 T R, BRATIA AR £ AT UM BE 2 51 H R
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Eﬂ$%2¢’ﬁﬁ%%%ﬂ%ﬁ%ﬁ?ﬁ#?(@mMmdmm%)ﬂ#ﬁ?ﬂ#Q
(unsupervised learning ) L5
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o FEIRWMBRIES G, RAIRERALBIE x, RENMEOME y. RATH B 72 MNBHE
R AR A S FERBRX (pattern). B0, RES 4T (cluster analysis) FE—4
B A 2 ST ) A1, BB A TR AR TR AR UL BE SRS FE A R 2 A LA ARG
k. \
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ELhrd, FEFGARATHHERT, BRAMRFEERZES . FARNMEANK iR E
BME, FrUlRESS E A AR R, RS HEIFMBR. M T RRBER¥S), ELhHEd, &
A LLER S R AR, (B 2R A RAEAFHRAE, BRI BRI W
ik, B, xF—HAEE, Tk FER  HEEENEIEHITRES T, REERERS
PSS RAE BT RRFE. AP EETRRERY¥S.

ERBRZEI R, —RBBEANEIEE S NI %L (training set) FAlXE (test set). FFH
WSREF T, TUMERMM AR (model) HF I & (learner). FIFHMIKEE, "L
TR R R K. TEBERSES, BRAVEAM A (sample). # 3% (data point) B
%4 (instance) RARIFH A H)FAN S WEBZEII ] AFE—S 0 AEIT R, 5280 @85,
BATKAE 1.3 THRI BRG] F RN BEBER %S,
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TXBFAMOCLHITT 300 ZETT. WRBRAVEWSHRIER A B T80 TR AR 1Bz
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B 1-1 R s

1.3.2 ERS ¥

TEPSEAEFE S, WAATHIE TR LB LK, 5B, HENKS. BaEHE
ANASEHOL S B, AR A ST R T B AR KEE S, FREAR TR
Hise LA R EPFMHMNZR ARKFZE). EEE, SAREANTEHMNIE RS
# (credit score), 3R EFVEALEEE FL KB R R

FEAGTHRIEE LKA AN, BELERPNEMTENEE, A5

o URNEM;

o ES. M

o HM,

o KEWW, WTFLBR%,

o BEFIE, QKL TR EREHL,

o TSR TR KIE R,

SR 330 1 R 26 A AT W SE A B FRO A5 PR A VB 2 LM, T LA Y — ko
ORISR E S A A Bltn, FErEE M AR SIRE AR —E, N — SR
RIGIRE, EASEELRIE X, EEEENEKEHFESESERGEHRMER, 1
KBRS BB, B0 F MU A% K BUR JLS B 4 BUb T S, BRXA
VBRI 1 R R A S S M A T B AR . BERE R A AL, R R K I R A
bR, FEib, MR EESER.

SRAT I B T UG B0 R 1 R SR X R A B S R . FIRIMLIR ST, RAA
AT D) M B i 2 R KT T B R ST AR RO, T BESS “ A RE” Hhit
HHEE IS S BT RS R K. BAYE, TENLESE IR, KRR S BN
BN, RATAT L S L AR AR R MR . (I — AN AHITF, FICO %
R [E FICO 2 5 F FIHL S 2 SRR R Hi SR 9 — /M FH 40 Bl B,

1.3.3 Netflix ERREHEE N

Netflix & & E I —KMENTSE AT, BROLT 1997 5, F 2015 FZ AT LR TiL
7000 FFHIT [, FFEEMR BT 40 MEFSGXRMRS . Netflix EH—TREER
That RABE R F R sEME S B MBI RN AR A, B 1-2 fiw. 2006 2E 10 A & 2009

@ http://www.myfico.com/CreditEducation/WhatsInY ourScore.aspx
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49 H, Netflix A& 27 7 Netflix Prize” Hh5¢, ZRSFHMRIEA 0T — L 0P (1
B~5 ), HENH 3R o — e A B i B A . G SRR R b T ke T R e
HE R BRI TPY, AT LUK LM X PR DRSS B, T BB R R
AYHIYERERN Netflix 24 7 FOBLFIK -

Witsion. TV shaos, sotors, deonns genes

Movies You'll @

Congratulations! Movies we think You will @

Add movies to your Queue, or Rate ones you've seen for even better suggestions.

Spides-Man 3 T Runtiown

Bad Boys i

B 12 Netflix LA EHER

{E Netflix Prize LB, FRIERIFRAER R Netflix A HERE RFMHREIR R 10%. 7E 2009
£, BellKor's Pragmatic Chaos PABAfF T th3E. HEBEHIERETHMESBOHEER L, ¥
IR ST T RS T 28R . Netflix Prize bb 38 5 FHES) T HEFEIEWBI T, Ko
TR BROHEREREENM R . £, ROTEE AN HXEHEFEIE,

1.3.4 BIEHER

Expedia & H A7t 5 EH KIFELRITAAEE (online travel agency, OTA) Z—. BH—I
TREE )L 552 ] P R A E BT, RN P AR B 2 ] R . TR A REA A
#l, Expedia & ZMRIEH K ELF, REBMIOHFEER, XM R% T EATiEH&RE
TE S .

Expedia T 2013 4K 5 B F#4 #4248 X 2 (International Conference on Data Mining,
ICDM) BX&%7p 1T IHJEHERELLFE. E 2L T, Expedia 324 7 Lhr¥dE, QAP WE
W AR X e 45 R i B E W K )id % . FEBEAT IS HEFERT , Expedia B8 T 41 FHEE:

@ http://www.netflixprize.com/
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o F AL EAEE AL E

o HERIRHE, WNEIERMHE. BR. MERSIRES;

o MPMETOIEEKIE, SFEME. EERE, HEEL;
o HMTEHNFHER.

WRYEH P AR RERER,

L 2 555 ol 5 O O AR 0 B2 58 = o 9% A0 94 B T T

1.3.5 e

wisitor country, region
] Expedia | =l

Bel  Vacation Packages  Hotsls Cars  Flights Cruisss  Thine

PLAN YOUR TRIP ON EXPEDIA

o Flighe " Flight + Hotel

@ Hotel U Flight + Car i

o car Y Flight + Hotel + Car

7 Activities 7 Hotel* Car

& Crulse

Hotel

Find hotels near: " "
T — -

What City?

length of stay booking window
il
- o -

Room 1 2

Show Additional Options ¥
%tu'r PRICE

GUARANTEE
e e e W s A el
Kl 1-3 71F Expedia.com F#ZE )k

ESTA T 4 AT 5 T BT ALAR S ST 4 S S8 )

e 193 (regression); 1

e 4% (classification);

o 37 (recommendation);
e HeA (ranking).

ER—RAES, HRHFEATRMRANE ML E x, REWE— RS, E5
AT EAF Ay TR0 98 A A B i 8] po VR, X BLBEFRI K& O N RIERERT ] y) BITERER 0~

Expedia i [B1 435 (375 F7 51 . 1E Expedia.com -,
WA ER R A WA 1-3 fin. RI\EEERHEELER, AR 3 M. (D f3RcE
HEFERWE: (2) S HEFRNPEEERATIT; 3) BRAAEHREETIT. 22, REH
FRIRRE, FAIAEAE A B G HERE GG R, X T 28— gk R 1) VR S RS HEFE S AU T



1.4 XL 7

365 (B# 366), BATATLLBHEEW AEIHFGS. ERAE GG, Bt —NESE.

EE_RAE T, FEAGDREEME—MHER & x, Tl y &2 o083 1, AFH
AT ECE AT, FE b, fl y T AR HAERI R . X RS 2] P AR K
B, E5KEES, BIivEE y 2— 1 EHZRE. SEARBEEM, RIGERZREE—
MNRE S 13 )T AT B SE ) y. RSB A K 5 £ (binary classification) a4, H
PR R EUE N 0 B3 1 (AR R-1 803 1). 7£ % £4 % (multi-class classification) 7],
RITEZAE, MERZEMNIRERR Z—.

EE=RAES, TEREHAPSEOH RGN EFANARE S, X2 -
M . SEAASKE AL, BIOFEREANH R E—ANBSEB I &5

FESEUUK S, AR P BN (FE_ESCR B P 3 s D, M—
RIIN R AERXANFFHRTEE) PREH T ERE M REFH, E5 %558
I A% SO F P B AB A . XK 1] AR 3R A (ranking) 8] @8 (5] AT A (13 ) AT 432K i)
RBAHLE, HEFP R TR B REANREIFS] . SETHeREr #HEEFEG T, EH S RAT
TEHBRH RN, TERFHEEPRIN AR RRGER L0000 05 BRETHE, AP
BA AT BRI .

ELPRR A, HLEE% R B LA 7. B, EEEEE AT
AlphaGo, WA TFERLPMEH TREF T (deep learning) K EMXTZE; EEKFAHT
BE{A (ThyssenKrupp) SEFI{E N B EEHER 2 —, N ANLES S T R ek & A M
BB TR AT 448, FRKHEBNSEEEERAE: RENRE KA TEMET RHERN,
HEGEL N X A& FE B L EEEIE, S B L8 % IR T R B R AR
JEE .

1.4 FHMk

75 3 B AR DR S B 1 R ) A BESR AT A FRBOMLAR 22 1 R 7 1.3 T eh3RATIT I8 THLES
FAPE K 4 KRB RS, A LB T HATSEbR T DE R E S SR AR R
FEERR, FEAH, BATHEZESX N 4 K5k, 0.

o [EIF%E;

o MREL;

o HEFHIE:

o HFHIE.

Horp (B A5 5 RELE R BRI F L, MR AR 2 Sk al, FELRATE
FTFUNA. HFERGEBRE RS AN, THFEEERRSI EETRBIRE T
JTEIRLA, EEBRAE S A R HERE BRI SR AT N R

fELER 4 M7, RATTUMBEANAREEL, FECNZEGEBRIKIE,



