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The new form of the problem can be described in terms of a game which we
call the*imitation game”. Itis played with three people, a man (A), a woman
(B), and an interrogator (C) who may be of either sex. The interrogator stays
in a room apart front the other two. Theobject of the game for the interrogator
is to determine which of the other two is the man and which is the woman.

We now ask the question , “What will happen when a machine takes the part
of A in this game?” Will the interrogator decide wrongly as often when the
game is played like this as he does when the game is played between a man and a

woman? These questions replace our original , “Can machines think?”
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A program can be said to learn from experience E with respect to some class
of tasks T and per formance measure P, if its per formance at tasks in T, as

measured by P, improves with experience E.
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