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When I first learnt my book would be translated into Mandarin I was surprised, and
honoured. I had visited China twice as a tourist with family, and was fascinated by the
country. The first was in 2000, when infrastructure investment was driving economic
growth. We saw massive undertakings, including the Three Gorges Dam while still
under construction. And yet, the bulk of the population still lived off the land. My
sense was that we were regarded as ‘laowai’, resented because of the last two
centuries’ history by a proud people who felt that ‘the 21st century will be ours” .

Our second trip was in 2009, one year after the Beijing Olympics. Massive
urbanisation had occurred in those few years, and the trappings of the consumer
economy were evident—at least in the cities. The sense of animosity had disappeared;
we felt welcomed by a people who felt that better future had arrived. In particular,
we were invited on countless occasions to be in people’ s photographs—their cameras
being obvious fixtures of a consumer society.

As for this book, I started writing it in 2003 when credit scoring had a history of
some forty years. A tool first used to assess applications for instalment finance and
credit cards in the United States, had over time spread to more products, geographical
regions, and stages in the credit-risk lifecycle. In recent years behavioural scores
have been co-opted by Basel II and IFRS 9 in attempts to improve the stability of
the financial system—at least for retail credit. An operations research tool intended
to improve lenders’ decision-making and operating efficiencies now aids capital-
adequacy and loss-provisioning assessments. Its biggest benefit is its ranking ability
(predictive power), but finance people want reliable default-rate estimates (predictive
accuracy). Unfortunately, default rates are heavily influenced by data not available
within the scoring assessment—economic, market, industry, and competitive factors—
which makes the scores key inputs into more complex algorithms.

Several factors aided credit scoring’ s success, some of which occurred long before
it emerged. First, the industrial revolution that provided goods for people to buy—
with producers and retailers offering credit to foster sales. Second, a collaborative
revolution as information markets (e.g. credit bureaux) enabled them to determine
which prospective customers had honoured or dishonoured their obligations

elsewhere—which over time extended to banks and other more traditional lenders.
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And third, the technological revolution that enabled the compilation and assessment
of the available data. China is now well into its industrial revolution, the technological
revolution is under way, and the collaborative revolution is evolving.

Credit scoring’ s primary benefits are its speed, consistency, and cost effectiveness.
It is not a panacea though; it is hard work, success is not guaranteed, and there is the
potential for mistakes along the way. Indeed, the mortgage crisis of 2008 can at least
partially be blamed on lenders’ overconfidence in models developed in a benevolent
economy. The biggest challenge is data, both quality and quantity, which requires
a significant infrastructure investment. If China is to become a consumer-driven
economy, much investment is required to enable proper risk assessment.

Credit can be a significant driving force for improving people’ s lives, if offered and
used judiciously. It is best for financing business ventures, education, and devices that
free up people’ s time for more productive activities. When used heavily for purchase
of consumer-lifestyle goods, the economic benefits can be offset by the stresses put
onto individuals. I live in South Africa, where excessive credit—and problematic
collections practices—led to huge social pressures and increased wage demands when
workers had too much month left at the end of the money. Irresponsible lending and
irresponsible borrowing are often bedfellows, only the former has the upper hand and
greed is a major driving force. _

As it stands in 2016, China has a population of 1.4 billion, of which about 900
million are covered by the PBC’ s credit bureau. Some 400 million had loan histories,
and 110 million had outstanding credit from a financial institution. Those are small
proportions when compared to developed economies. Savings rates of 40 percent are
extremely high, not only for historical and cultural reasons, but also because credit is
unavailable.

A major difference between China and the west is that ‘store credit’ is not being
driven by bricks and mortar stores, but by online retailers capitalising upon their
vast data. Some derive their own credit scores, but without proper data sharing—
especially ‘positive data” —and the scores derived by each vary greatly. In an ideal
world, lenders should be working from the same data to derive risk assessments
specific to their own circumstances. That said, there will always be peculiarities that
cannot be accommodated within the standard format. The collaborative revolution
needs to be carried further.

[ have read with interest developments relating to a ‘social credit score’ . Typically,
credit scores predict a credit-related outcome (non-payment, attrition, propensity,

etc.). The social score sounds more like a balanced scorecard for citizens with
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creditworthiness just one of many factors, so the name is a bit of a misnomer—it is
not really a credit score. That said, the behaviours it measures will have a correlation
with ‘willingness to pay’, so may provide value when assessing those currently
unable to access credit.

And finally, I hope you enjoy reading my book, and get a lot of value out of it. It
was intended as course notes, but grew into a book over three-and-a-half years. Each
time I turned a corner I realised how little I knew, and how much more I needed to
learn. For that matter, | am still learning. I trust that you will gain benefit from the

early part of my journey!

Raymond Anderson
August 2017
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Scorecard builder ' s prayer (v3.01)
O scoring, who art in regression,

Guessing be thy name.

Thy assumptions come,

Thy will be done in future as it was in the past,
Give us this day our expected bad rates,

And forgive us our lousy model weights,

As we forgive those who supply us with poor data.
Lead us not into write-offs,

And deliver us from the auditors.

For thine is the #NAME, the #DIV/0,

And the #VALUE !

Forever and even, Amen.
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