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Elegant Data Solutions, edited by Toby Segaran and Jeff Hammerbacher, O’ Reilly Media,

2009 ; Advanced Analytics with Spark: Patterns for Learning from Data at Scale by Sandy
Ryza et al., O’ Reilly Media, 2015 ),
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L Ui pe s A Ta NGl I GBS B Scal‘a AT IR BGAAR . J5 A FE T 28 W] A X
BEF AR FE 43 A UHEZE Hadoop/Spark T #F47 804E 4047 -

AR B HmEA 2 HWE? Spark F Scala FF A BHRHE ., REGNHEENIRZHEARR
W CreanfstesR(E. AZEYE, TCRIFEA . RS AME L (monad) ), 7EME IS T i
B AL PR R IAGAR G, Fr ol R e R £ b MO s M a5 A A e S A S I B 2 itk . AT E
PC B ICA A X R i BB 10 A o 3% 132 38 o A1 SUAF 0 / A PR B A v] b B 225K
W+ TB WEHREAER . Al A—IK AW A — R TE— s, {Hif 5 2178 R A
i ERE, AERSTXEEGE. ABMEH Scala fEARAT H, DEMBSERHARMTE,

MR E L L, Scala BESE I HAE F FrRE LAY —VIThHE. Scala ARA b iR —
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1.1 Scala A|]

MR L% 1 Scala, A LA#kid A5, #] LA M http://www.scala-lang.org/download/
T Z& B B A B Scala, 4545 19 Scala Wi A< 2.11.7, #:4E & 4t & Mac OS X El Capitan
10.11.5. EF LIS H CEWARA, Al RE=B 2] 5 AL (40 Spark) HYAEZE (A
W, IR A B — 18 e 2 i R B9 5 R AT e <= e JLAAhieAs
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MR E L IEW L3 Scala, $i A scala Z 8t ] LAE S F @B HE B -

[akozlov@Alexanders-MacBook-Pro ~]$ scala

Welcome to Scala version 2.11.7 (Java HotSpot (TM) 64-Bit Server VM, Java
1.8.0 40).

Type in expressions to have them evaluated.

Type :help for more information.

scala>

X 42 Scala BJ—> REPL 3% ( read-evaluate-print-loop, EHX - 3K{H - it - 1H536) 1%

o EIR Scala F2J¥ &) Uiy, (HARRNHNASTE REPL hiafr, XER AT H L

FTFAEYE, XMAREEAR TGRS M —RE, help it 2 &4 H—248 REPL A5 H HY
TH (BEFLNE5).
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BOERIFEAS, BN fkb Bt /Y, _ffhttps://Qithub.com/aleka/ml-in-scala.git ARV e

Bl ;X 2L 295 . chapter0O1/data/clickstream C{FJeh & T[] 8. &35 %5 ( session ID),
A K AE R ) — S @A R E B (Hean URL, 2850(5 B %) . B Fe B0 8 4 10 45 1 51
—SeArgh DL S B EBEE A AR O

B 1-1 25 1T fE a5 217 AT gzcat chapter01/data/clickstream/clickstream sample.tsv.gz |

less-U PTG BIMI45 R . FZ B tab 58 (A1) Fat. EEFRESEES, 2 EMPEH T,
VF 22 B SE N FH v B KBRS AR X A . B8 A 5 5'] ST IE R, SO T B AR REE (L
UNEEH (array), 45#4 (struct), LDAABRST (map)), X2 REHESEN 5 —FFIE .
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B 1-1 {8 Unix #9 less-U f52Ji7, clickstream {445 2 5 % H

Unix 24t 7 —26 T B HrEdE . less. cut. sort 1 uniq FCHE = S04 4b 3 o & 5
Hian 44T L H.. awk, sed. perl il tr o] LLSEE & 2% (4 5 He F 4R BUERE
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