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FE: ERAR EEAARB, B2 PAC Leamning 89K fi; AL R LIERT, M
BFIRTALR RRE 6 A,

M ETEFR AT AR H, P8I MARBEREREAREBB0EL. HEE, &
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1.1.2 H=BRFEIEANE

LB E IO E BT LR EABARE, REAELEI AV KT RASEREN. €
MFsE EthrT el 3EH EA 0 HF, HEEMIE: ENEE R EENRE T L
T EEME (CE— /TR 2 [ A2 AL BT8R AN 1) o AT 20 IS5 T 2R A
AREHAT U S, ENERRNEEERAMER, B2 L TARKARRE.

BRI R R AR, BARLENLER 2 2] b RS A TSR IGER . M A TR E R 1
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FRAERT BAABUFME SR “HFE{E” (Feature Value) .
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