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Deep learning is a branch of machine learning based on a set of algorithms that attempt to
model high level abstractions in data, and mimics human brain’s neural networks in a simplistic
manner. It is powerful and driving advances in speech recognition, computer vision, natural
language processing, generative networks, and unsupervised machine learning in recent years,
which are changing our daily life from different aspects.

Internet giants Google, Facebook, Amazon, Microsoft, Baidu, Alibaba, and Tencent launch
their deep learning teams and platforms. With the rapidly growing related research and
development community, in recent years, there appear plenty of open source frameworks for
deep learning, such as: Caffe, MXNet, TensorFlow, Torch, etc. These frameworks can usually
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interface with Python, Lua, and C++. They are powerful and usually well maintained, however,
they are not that straightforward and "easy cooking recipes" for beginners.

This book bridges the gap with the spirit of open source. It is a resource intended to help
students and practitioners enter the field of machine learning in general and deep learning
(computer vision) in particular. This book not only covers basic theory on math, machine
learning, image recognition, but also helps deep learning practitioner on two major libraries
Caffe and MXNet by plenty of examples on classification, regression, metric learning, etc. The
tutorials in this book also provide step-by-step instructions for creating models for specific types
of applications.

The writing of this book is good and also interesting, which shows the author's delving very
deep into this field. The structure of this book is quite reasonable. Its topics cover the major tasks
in computer vision. The mathematics derivation in this book is solid and understandable for a
computer vision novice, it starts from simple examples, and then to more abstract matrix
counterparts, which greatly reduces the "activation threshold" for a learning curve.

Readers of this book may start the first seven chapters to get a comprehensive
understanding of neural network, basic math and programming techniques. Thereafter, he may
pick up the related applications such as image recognition, regression, fine-tuning, image
detection, metric learning, and neural art in the following chapters, wherein, he can get step by
step instructions to build the demo, which is "train by example" learning.

Jiang Tian, PHD
Lead Research Scientist, Siemens
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